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Feature reduction of high-order statistics based on Parzen window

YAN Xiaobo, WANG Shitong, GUO Huiling
(School of Digital Media, Jiangnan University, Wuxi 214122, China)

Abstract ; The high-order statistics method can often extract more information regarding original data than a low-or-
der statistics; yet in the meantime create higher time complexity. The high-order statistics methods were constructed
by utilizing estimation based on Parzen window. It was revealed that the kemnel covariance component analysis
(KCCA) method proposed earlier by the researchers, contained useful information on the high-order statistics and
could be obtained by only adjusting the parameters of the proposed generalized D-vs-E. Also based on the second
order statistics, the heavy computational burden about the high-order statistics can be avoided. That is to say, the

KCCA method can accomplish the feature reduction of high-order statistics without increasing its computational com-

plexity.
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55 6 Jr ERR SR TR RE 2 (ICACI 2013)
Sixth International Conference on
Advanced Computational Intelligence (ICACI 2013)

The Sixth International Conference on Advanced Computational Intelligence (ICACI 2013) will be held in Hangzhou, Chi-
na during October 19—21, 2013, as a sequence to IWACI 2008 ( Macao) , IWACI 2009 ( Mexico City) , IWACI 2010
(Suzhou) , IWACI 2011 (Wuhan) , and ICACI 2012 ( Nanjing). As the capital of Zhejiang province in southeast China,
Hangzhou has been one of the most renowned and prosperous cities in China for more than 1 000 years. With abundant
historic relics, enchanting natural beauty, and rich cultural heritages, Hangzhou is known as a “Heaven on Earth”. The
West Lake, as a UNESCO World Heritage site, is one of Hangzhou’ s most popular and beautiful sights.

ICACI 2013 aims to provide a high-level international forum for scientists, engineers, and educators to present the state of
the art of research and applications in computational intelligence. The conference will feature plenary speeches given by
world renowned scholars, regular sessions with broad coverage, and special sessions focusing on popular topics. In addi-
tion, best paper awards will be given during the conference. The proceedings of ICACI 2013 will be published by the
IEEE and included by EI Compendex. Moreover, selected papers will be published in special issues of related journals.
The conference will favor papers representing advanced theories and innovative applications in computational intelligence.
Timeline ;

Special session proposal deadline; May 1, 2013

Paper submission deadline: June 1, 2013

Notification of acceptance; August 1, 2013

Final paper submission and author registration: September 1, 2013

Technical sessions; October 19—21, 2013

Contact ;

E-mail; icaci2013@ gmail. com Website; http ;//www. iwaci. org/
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