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Event detection based on visual attention shift

ZHANG Likun' , SUN Jiande' , LI Jing2

(1. School of Information Science and Engineering, Shandong University, Ji’ nan 250100, China; 2. School of Information Engineer-
ing, Shandong Institute of Trade Unions’ Administration Cadres, Ji’ nan 250100, China)

Abstract ; Intelligent surveillance systems have been widely used in banks, supermarkets, buses, and other public
places. Event detection in a surveillance video is a key technology for this field. In this paper, a visual attention
shifi-based event detection algorithm was proposed for intelligent surveillance in which the dynamic and static visual
attention regions were detected to obtain the visual saliency map. After that, the visual attention rhythm was derived
from the visual saliency map temporally. According to the visual attention rhythm, the key frames were selected to
label the occurrence of the events. Experimental results demonstrate that the proposed algorithm can label the oc-
currence of the events with the extracted key frames correctly, and that the event detection is performed in real-
time.
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rthythm; key frame extraction
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Fig.1 The framework of the proposed event detec-

tion algorithm of surveillance video
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Fig.2 The curve of visual attention
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Fig.3 The extracted key frames when the threshold is 15
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9th International Conference on Machine Learning and
Data Mining (MLDM) 2013

The aim of the conference is to bring together researchers from all over the world who deal with machine learning
and data mining in order to discuss the recent status of the research and to direct further developments. Basic re-

search papers as well as application papers are welcome.

All kinds of applications are welcome but special preference will be given to multimedia related applications, bio-
medical applications, and webmining. MLDM’ 2013 is the 9th event in a series of MLDM events that have been o-
riginally started out as a workshop.
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