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Initiative retrieval of web information
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Abstract ; The information capacity of a single web page is far more than the needs of any individual user. The goal
of the authors was to construct a discriminative means for retrieving individualized web page information. Such a
model could allow fast and precise retrieval of information from current pages, tuned as required by particular indi-
viduals. The approach of the researchers was to begin by transforming a web page into an information tree in light of
the block characteristics of the web. Next, a user characteristics tree was constructed from user behavior seen in
previously browsed pages. This was mined to get information needed about the user. Based on this, elements inter-
esting to the user were retrieved from current pages. The basic principles of discriminative retrieval were intro-
duced, several retrieval algorithms described, and the model’ s feasibility experimentally verified.
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1.1 DOM ¢

DOM HJi document object model, ‘&5 W3C #Z#
B F U5 E#E W XML F XHTML SCR 4R, DOM
& XML 1 XHTML SCREHE g — R4, SCRE P i &4
BRI E X A— TR, TREEEETE VR JB
P AR 5%, IRV ERRRT WRKE
A, URENZ R R, MR ST 106, A5
BB ARE R 1 S K BRI R Z AT
REABAMEEREZHHBREXLR, RBERXRE
AT HRETETUE I X R, X H M DOM
R BEAT Web T0TE A AT I, Ke BT B T TE B JT 2R ES

Kz ¢ S

FEDTRURT R &, B B R AT & R
DI BIE s, WAF 4 B DOM 4RI, 58
PR SCRE  2T R SIS A BRI R, 88—
AW T % R —1~ DOM ARic .

1.2 TiH Block #

T Block 2T H 7 WA B LA H.
W& BT XK. Web T E B LSS TAEAR
FHZEH Block , 3% A~ 3 FE R T Block 43 X. —
A Block W] LA BN EAEBHF Block 4AL, 40
El 1(a) >k Web TUTH, B 1(b) X i 7 & # Block
XL B 1 (c) ARIERE 1(b) 84> X 45 FR R B
XRG4, B7 2 Block 4.
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Fig. 1 The example of page subarea and Web Block tree
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W24 BB — Ju 4 : Block = < topic, content >, H
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M, AT TUTE 4548 4347 B A BB 58 24K DOM, 38 75
EXEHM— SRR hinfE B E S K&K HT-
MLARE R AR AMNERFE, 0 <P >, <TA-
BLE>.<TR>.<UL>,<Hl >~ <H6 >%. &
H, B B KOS — R R FE R £, Web
Hr R T R E T AT R SRR 4 T , ) a0k B
& B B, XS W Block 4 X B AR E
FRITLE.

SRR, NTTTE I, BEEHD X, HHH
%5 n %% Block( n F154L 0 1) , HEBEE I n 1
Block ##f , FlA{# 7 Layout. SR )5 , FIWT n BHH B %
FERI 53 X E A, i RANTIRE S|, WARIRIE Block 4%
H AN 5 & Block BP9 %E(content ) YR HTHY
DOM, = Fril Bt Block 3203 n + 1 % Block ##, an 5=
FA Block B2 Turk 433, W 2 883X 4~ Block. N
WK, B3 Block #ARISA €2 XEH N IE. XFF
TE AR EARN SR [14] , X BEAHRER.

Bl 1(a) Bl F T HE#E 3 KRB EREN, P4
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Web TEAFEREACHER, MEEKE
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AL, LR AP T D B 4.

R RER D, HeX AR ST AL, AR
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2.1 Web HHyEL

BHe# HTML RS F # XML 3f4: i Dom
W, 15 B 0T 43 X bs 10K T 2 BB 8 B AR B
Bleok , FE-4454 DOM P W5 B AR SRR,
RGBT IRAS W R BEAT I BB A, K45 Web . B
BRI,

Bk 1. Web WS EE.

Input: himl; /7% A\ TUE ARG H

Output; Web Tree. //%i i {5 S R

1)xml file = htmlparser( html ) ; //%% html 3C{F
W ARy xml RS

2)Domtree = xlmparser( xml file) ; //¥# xml 3
P RAE AR — BRSCR R SA

3) Blocktree = getblcoktree ( html file) ;// M 12
B BRI 4 BRR — S HAREKE Block, 3F
B HE R ENIE 4.

4) Webtree = merge( domtree, Block tree) ;//13
#& DOM FfF Block R4 #0287 Web

5) Webtree = pruning( Webtree) ;

6) output Webtree.

WE 2 A — Webtree.
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Fig.2 Webree
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2.2 FAPYER
fﬁ)‘(?ﬁ,ﬁﬁ;node = <t0pic, content, erquent >,
H | topic., content X} )3 Webtree H1 [ 4& & , frequent
R, B TE] Webtree HbH DLSS &I IREL. IR 45 &
SRR E R P R R E M E—&
H M Webtree 1 JE Bl — 48 B8 12, F¢  EREBRAZ. B
T E P D0 Y8 B s o BTIE SR B R BR AR A R P
FER BRI
Bk 2 F P RE R A AR
Input; visiting path set; // P15 RI KR 4E
Output: clienttree ;// F§ FFIER

1)Node = open a new node;

2) Path = getpath ( visiting item set) ;// 5 i} 5]
BB R — B

3)If clienttree is NULL Then open a new tree and
label the tree;

4) clienttree = insert( clienttree, path) ;//1R #&
FPFR VTR REBH A RER, BAREERK
2 S frequent N 15

5) output clienttree.
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B Web M%%%HT B RIBRER P AR BN
BERQ=14,,0,", €, 4.} - 4 HEEX
A &, B A P AER PR SRR R
F RBERE—ERN, THE ¢, 54800 m R
& BRI UL LA B , A4 VT AL B & (O LR B %R
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HEEHRT

B 3 B RE RM R R B

input; clientiree, webtree, NV;

output; InterstingSet;

1) Q = MiningintrestingPath ( clienttree, N) ; //
M PRHE R e 4R U P 1R B

2) T = ExtractliemPath ( webtree ) ;// M webtree
i B T 15 S TR B AR

3) InterstingSet = { } ;//¥NIE {5 B =S,

4)retrieval ( Q, T ) ; // M\ webtree FHFG R F P

7 MNBFRE.

Fori =1t |1 Q|

Forj =1t | T |
. ¢ xT;
sim(g,,T;) = PAIEAK

If sim(g;,T;) =0//0 N4 E N BIE

Then InterestingSet «—T;;// B MR AR FE A

L.

5) output InterestingSet.
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Table 1 Topic vectors table of user

FEm & R
B, 16
Bl Bll 3
Bl BlZ 5
B, 9
B, 5
B, 27
B, 7
By, 12

R2 HPAMBIIRER(N =5)
Table 2 Interesting topic vectors table of user( NV =5 )
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Fig.3 UC_Tree. There are three son nodes in the tree, which
is three different interesting topics B, ,B, ,B;
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Table 3  Similarity table between interesting topic and

webpage information vector

B, B, B, B, B;,
4, 0.10 0.20 0.31 0.16 0.30
A, Ay 0.80 0.30 0.25 0.22 0.32
4,45, 0.10 0.41 0.90 0.10 0.10
A, 0.20 0.42 0.36 0.30 0.20
A Ay 0.30 0.32 0.27 0.23 0.00
AA, 0.21 0.88 0.32 0.31 0.10
Ay 0.22 0.23 0.22 0.46 0.30
As 0.18 0.35 0.49 0.26 0.20
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