ESBE LM
201042 A

B B

A2 & ¥ #®

CAAI Transactions on Intelligent Systems

Vol.5 No. 1
Feb. 2010

doi:10.3969/]. issn. 1673-4785.2010.01.011

ETZECEARN K HEEGRSE

X kA, AW &
(B REIRAF IS L HAKFE, BAIL K% 150001)

i F:KHERRISFNE—MERNETRENE G HEE. L5 K HE R S8 2R FHE 2 | P E A
PN EERERG R NIDREA. b T ARARYE R4, MEMLAANE TR —2FXBHEES, BT
ENTHSERHE R 22 574 , 5 BCH 7R R AIE 25 8] FP R BE B0 T 8 20 81 D0/ ) B X8R, AR B9 07 Bk B 3R B0 R i =S [ oL
BEREIIAZ KHERRSHEE S, B2 TRESFMRN BH. LKRERIEL TR M.

R K HEREFBgSEsRMERES
HE 23S TP391

SCHRERINAD:A L ERES :16734785(2010)01-0067-03

An improved method of K-means image segmentation

based on spatial position information

LIU Yong-mei, DAI Li-jie
(School of Computer Science and Technology, Harbin Engineering University, Harbin 150001, China)

Abstract ; K-means clustering is an effective algorithm for image segmentation, which attempts to separate objects of

interest from their background. Traditional K-means clustering algorithms use the visual similarity measures of pix-

els in the feature space to determine which segmentation region the pixels belong to. Because of the complexity of

natural images, neighboring pixels with different visual features, which should be treated as part of the same ob-

ject, may end up in separate regions. As a result, it is hard to get satisfactory results when depending only on visu-

al features. A spatially constrained image segmentation algorithm was therefore developed. It improved on the K-

means clustering algorithm by adding a corrective step, the application of positional information from neighboring

pixels. Experiments showed that the algorithm is effective.
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Table 1 Parameters and run time

e . K SHERKE Hik 1B
SPRE i

Gi's HYBATHIE/s  WHE/s
1 E=3,n=21 3. 053756 4. 367060
2 kE=4,n=21 0. 747108 2. 587962
3 E=3,n=17 1.572898 5.094940
4 E=3,n=17 0.988414 45. 343819
5 E=3,n=21 0. 864 361 9.700752
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