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A frequent pattern m nng algor ithm based on congrants

M ENG Cai-xia
(Deparment of Camputer Science, Xi' an University of Posts & Telecanmunications, Xi' an 710065, China)

Abstract:Most algoritms don’ t allov users b dynamically change constraints in the process of mining frequent
patterns A new algorittm, constrain-based frequent patterns mining, was developed o provide frequent pattern
miningwith constraints First, the algorithm constructs the FP-tree (frequent pattem tree) acocording o the de-
scending or ascending order of constraints, and in thisprocess the database only needs o be scanned once  Second-
ly, the conditional tree of each itam was established o mine maximal frequent pattemn with this tem as a prefix,
and the maximal frequent patternswere sored Finally, all frequent pattemswith precise support degreeswere dis
covered acoording b the maximal frequent patterns The significance of thismethod is that this algoritm allovs us
ers o dynamically change constraints during the process Experimental outcomes shoved that the proposed algo-
rithm ismore efficient than the algorithm of iICFP.
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