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A ectral cluster ng algor ithm based on fuzzy K-harmonic means
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Abstract: Sectral clustering is an effectivemethod that iswidely used in machine learning After analyzing the es
$nce of initialization sensitivity in gectral clustering, the fuzzy K-hamonic means (FKHM ) algorithm was consid-
ered o conquer Pectral clustering’ s dortcamings, then an Pectral clustering algoritim based on FKHM was de-
veloped Caompared with the traditional gpectral algorithm and the fuzzy c-means (FCM) algorithm, the suggested
algoritm ismore sensitive o initial values The suggested algoritm can not only identify challenging artificial da-
ta, but al® find stable cluster centers and clustering results, considerably mproving clustering precision Experi-
ments showved that it is an effective and feasible way o mprove the perfomance of gectral clustering algoritms
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