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Resaar ch advances in classif ication algorithm based on hyper-surface
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Abstract :In this paper , a classfication method based on Hyper Surface { HSC” for short) isintroduced.
In this method, the space is partitioned through classfication hyper-surface which are double-sided closed
surfaces consisting of several hyper-surfaces by merging the connected regions. HSC can efficiently solve
the nonlinear multi-class classfication problems, in which the sample data distributions are very complicat-
ed within the finite connected regions. The relationship between accuracy and the minimal consstent sub-
set is analyzed. Finally, the existing achievements and the latest progresses in this subject are summa-
rized, and the future research directions are pointed out.
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