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A data stream classif ication methods
adaptive to concept drift

FU Chunryan, GE Mao-song
(Commonality Teaching Department of Computer , Jiamus University , Jiamus 154007 ,China)

Abstract :At present , most classfication methods for data streams are developed with the assumption of
steady data distribution. However , the data collected from the real world will change over a period of time
in the underlying concepts (known as concept drifting) . Thislowers the predictive precison of aclassfica
tion model. This paper proposes a classfication algorithm that can identify and adapt to occurrences of
concept drifting according to the characteristics of the data stream. Experiments show that the proposed
algorithm dynamically adjusts the size of the training window and the number of new examples during
model reconstruction according to the current rate of concept drifting.
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Procedure  StreamClassfier
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Table 2 Performance comparison of SreamClassif ier

in different classification mode

/s
1 50 128 1 0.469 1.900
2 78 100 1 0.260 1.500
3 40 10 13 0.292 2.750
4 50 20 6 0.325 2.770
5 30 9 0.278 2.231
6 50 14 0.290 2.015
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2 Table 3 Sending interval Vs. running time S
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