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End efects processing in HHT based on suppart vectar regresson machines
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Abstract :In order to better restrain end effectsin the Hilbert- Huang trandform (HHT) , a time sequence
prediction technique i sproposed based on support vector regresson machines to improve time series predic
tion. In the application of support vector regresson machines (SV RM) , parameter selection hasa great in-
fluence on generalization performance. So in this paper , the influence of parameters on the generalization
of SVRM isdiscussed, and then a particle swarm optimization (PSO) algorithm is used to opti mize param-
eters. Using this method, SV RM can select optimal parameters self-adaptively , 0 that higher generaliza
tion performance is obtained in applications, prediction accuracy is improved at both ends and the end
effects are restrained effectively. In contrast to the neural network methods and HHTDPS proposed by
Huang et al. , the end effects can be restrained better and the Intrinsc Mode Functions have less distor-
tion. Experiments show that this method can solve the problem of selecting parameters properly.
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